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Abstract:

This research examines whether there is a causal relationship between the Rupiah
exchange rale and the composile stock price index. The Vector Auloregressive
(VAR) method is applied to analyze daily time series data from January 24",
2001 to June 18" 2004. It shows that the series are non-stationary and become
stationary on the first difference or 1 (1). Although they have the same
integration order, neither variable is co-integrated based on the Augmented
Engle Granger Method and Johansen’s Co-integration Test. Consequently, the
modeling technique used in this study (VAR) is applied to the first difference
level. From the VAR model, it was found that the Rupiah exchange rate is
affected by both the past exchange rate and the stock price index (ceteris
paribus). In contrast, the stock price index is only affected by past index
movements. These resulls are supported by innovative accounting calculated by
both Variance Decompositions (VDCs) and Impulse Response Function (IRF).
We conclude that the index can be a leading indicator for the exchange rate
following the Portfolio Balance Approach.
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1. BACKGROUND

The capital market is an important part of a national economy. Capital
markets are vital in many countries as their economic role is to shift
funds from lenders to borrowers.

Indonesia’s capital market is still an emerging market which is
vulnerable to macroeconomic and political conditions. The monetary
crisis experienced in Asia in 1997, triggered by the downfall of the Thai
Baht, had a contagion effect on neighboring countries, including
Indonesia. The depreciation of the Rupiah negatively impacted sectors in
the national economy to different degrees of intensity.

The exchange rate crisis in turn led to a stock market crisis as a
reaction to government policy to increase interest rates to pursue a tight
monetary policy. When interest rates increase, capital owners tend to
allocate their funds to other investments, such as time deposits. These
kinds of investments are lower risk and have a negative effect on the
capital market. In such a situation, investors are not interested in capital
markets because the rate of return from stock yields is smaller than that
from time deposits. Consequently, stock prices tend to decline as a
market reaction to economic crisis. The fall of composite index stock
prices, as an indicator of a capital market’s performance, implies a
negative reaction. This can be used to form a hypothesis about the
interaction between money markets and the capital market.

The dynamic relationship between the movement of the exchange
rate and the capital market is an interesting topic for study. Generally,
there are two approaches to analyze the relationship between the
exchange rate and stock prices. The Traditional Goods Market Approach,
also known as the “flow oriented” exchange rate model, was introduced
by Dombusch and Fischer (1980). The Portfolio Approach or “stock
oriented” exchange rate model was introduced by Branson (1983) and
Frankel (1983). The Traditional Approach asserts that exchange rate
movements will affect international competitiveness and the balance of
payments as well as output and the current and future cash flow of a
company and its stock price. On the other hand, the Portfolio Approach
argues that the capital market affects the exchange rate through money
demand.

The Traditional Goods Market Approach is grounded in the
consideration that a company which is internationally oriented will
export its products. Theoretically, a company benefits from the
depreciation of the domestic currency because income from abroad will
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be greater when calculated in the domestic currency. At the same time,
the price of the company’s product in foreign markets tends to be cheaper
than products from countries whose currencies are not experiencing
depreciation. As a result, the company’s products are more prices
competitive. The opposite occurs for companies which use imported raw
materials. The importing company benefits because of the appreciation of
the domestic exchange rate. Further, exchange rate fluctuations also affect
company transaction exposure related to company debts and receivables
in foreign currencies.

The Portfolio Balance Approach stresses the role of capital account
transactions where the capital market can influence the exchange rate
through money demand or supply, as, like other commodities, the
exchange rate is determined by market mechanisms dependent on
supply and demand. The development of the capital market attracts
capital inflows from foreign investors and hence increases domestic
demand for money. On the other hand, when stock prices decline, capital
will shift from the stock market to other forms of investment. According
to this approach, declining stock prices reduce the wealth of local
investors. This leads to a decreased demand for money, and, thus, a
falling interest rate. The decline in the interest rate tends to support
capital outflows (ceferis paribus), and, finally, causes a depreciation of the
exchange rate. Thus, this approach states that there is a positive
relationship between stock prices and the exchange rate, in contrast to the
Goods Market Approach. The Portfolio Balance Approach argues that
stock price fluctuations impact exchange rate fluctuations.

Problems related to foreign exchange rates, particularly to the US
dollar, occur because the stock market is open to foreign investors. These
investors do not only take into account the return rates of stocks or
portfolios, but also consider the exchange rate when investing in foreign
stock markets.

2. RESEARCH VARIABLES
The variables used in this study are:

1. Composite Index of Stock Prices (IHSG)
2. Rupiah Exchange Rate to the US Dollar

Time series transformation:
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) [HSG, . o
A THSG, = In| ————| is the return on the composite index of stock
THSG,
prices
EX,
AEX = In is the exchange rate difference
(-1
Data

The study uses secondary data obtained from the following sources:

Table 1
Research Variables, Data Sources, Type and Period

Variable Source Type Period
Composite Index of | Jakarta Stock Exchange, Dail January, 24 2001 -
Stock Prices (IHSC) www. jsx.co.id 4 June, 18 2004
Rupiah Exchange Rate indonmeian: Econcimie i January, 24 2001 -
10 US Dollar Flnan(e_ S_thlsllcs (SEKI), Daily June, 18 2004

www.bi.go.id

3. METHODOLOGY AND RESULTS

The research methodology used was a multiple step testing procedure
employing stationary test, lag length determination, the co-integration
test and the VAR or VEC (Vector Error Correction) model. Each is
explained in more detail below.

Stationary Test (Unit Root)

The stationary test can be calculated using both the unit root test and
autocorrelation function. However, this research only employed the unit
root test to determine the stationary series.

Unit Root Test

Variable Y, with one unit root is well known as a random walk with a
non-stationary time series. If there is a unit root in a series, the testing
will treat to first difference, second difference, and so on, until the series
becomes stationary.
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Two commonly used unit root test methods are the Augmented
Dickey-Fuller Test (ADF Test) and the Phillips-Perron Test (PP Test). To
determine whether a variable has a unit root we will use a comparative
value between ADF (PP) and the table value of ADF (PP). If the absolute
value of ADF (PP) is smaller than the critical absolute value (the table
value of ADF at a certain significant level), then that variable can be said
to contain a unit root (be non-stationary). The unit root test results can be
summarized as follows:

Table 2
Unit Root Test Results by ADF and PP Test Methods
Variable ADF Test PP Test Integration Order
IHSG -0.392513 -0.409839 ‘
D(IHSG) -12.04807 -24.70132 "
EX -1.609835 -1.569623 -
D(EX) -11.28100 -25.17982

Source: Estimation result calculated by Eviews version 3.0
Note: *, **, *** are significant levels of 10%, 5% and 1% respectively

Table 2 shows that the data of those variables have a unit root. This
means that the original data are non-stationary. This is consistent with
previous studies by Ajayi and Mougoue (1996), Indrawati (2002), Sudjono
(2002), Sulistyo (2002) and Asmila (2001).

Since the original data are non-stationary, the next step is to conduct
the unit root test for the first difference data. Both ADF and PP indicators
show that variable first difference data indicate a significant result at 1%.
We can thus conclude that all the research variables are stationary on the
first difference meaning that the research variables are integrated at order

11 Q).

Lag Length Determination in VAR

Both VAR/VEC and co-integration models are sensitive to lag length.
Therefore, the determination of optimal lag length is important in the
development of the model.
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There are general parameters used to determine optimal lag: Akaike
Information Criterion (AIC), Schwarz Information Criterion (SIC) and
Likelihood Ratio (LR). Optimal lag can be obtained from the VAR or VEC
equation that gives the smallest AIC, SIC or LR values. Based on Enders
(1995:88), AIC, SIC and LR is defined as follows:

: SSR(k

AIC(k) = Tln(%] 2 T — (1)
T  =number of observations
SSR = Sum Square Residuals
k  =laglength
q =number of regressors = k + 1 = number of estimated parameters

[ R
SIC(k) = TID(MJ S 27 L i T (2)
L L OO 3)

1 = log likelihood
r = restrictive regression

u = unrestrictive regression

Previous studies have used a different lag length. Ajayi and
Mougoue (1996) applied various lag lengths for each country from lag 3
until lag 13; Asmila (2001), used daily data, employing lag 8 for
Indonesia, lag 5 for the Philippines, and lag 6 for Thailand and Singapore.
Sudjono (2002) used lag 9 for all periods from January 1990 — December
2000, lag 3 for the pre-crisis period and lag 2 for the post-crisis period.
Meanwhile, Indrawati (2002) used monthly data and employed lag 3 for
Indonesia, while Sulistiyo (2002) used weekly data and employed lag 7.
Lag length is determined by the type of time series data (e.g. monthly,
weekly, and daily) and the sample size.

In this study, the lag length used to estimate the VAR model is based
on LR. Calculations showed that direct determination by minimum AIC
and SIC criteria did not give the optimal value as the AIC and SIC values
tended to decrease. Therefore, the study employed the minimum LR
value. By assuming that there are 20 trading days in a month, lag length
was defined from lag 1 to lag 20. The recapitulation table of log likelihood
for the VAR model between the IHSG and exchange rate (EX) shows that
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the smallest LR value occurs when lag equals 5 (Appendix, Table 1).
Thus, the co-integration test and the VAR Model use lag 5. This lag
follows the weekly trading period.

Co-integration Test

The co-integration test aims to prove if there is co-movement and
relationship stability between two or more variables in the long-run. If
one series has a unit root and is integrated in the same order then the co-
integration test is used to explore whether that series is co-integrated.
Enders (1995) in Sulistiyo (2002) defines co-integration as follows:

1. Co-integration is a linier combination of non-stationary variables
2. All variables must be integrated at the same order

3. If x, has n components then it is possible that there is n-1 co-
integration vector. While if x, only consists of two variables/
components, then there is one co-integration vector. This number
of co-integration vectors is the co-integration rank of x,.

In this study, the co-integration test used two methods: the Augmented
Engle Granger Method and Johansen’s Co-integration Test. The
Augmented Engle Granger Method verifies whether the residual linier
combination of both variables is stationary. A comparison of the residual
value of the ADF Test equal to —0.743298 (< Critical Value 5%: -2.8655)
indicates that there is a residual unit root. In other words, there is no co-
integration between stock prices and the exchange rate.

The Johansen’s Co-integration Test also gave the same conclusion as
shown in the following table:

Table 3
Co-integration Test using Johansen’s Co-integration Test for Model 1
Likelihood Hypothesized
Eigen value 5% Critical Value | 1% Critical Value
Ratio (LR) No. of CE(s)
0.003998 3.540743 15.41 20.04 None
0.000296 0.243466 3.76 6.65 At most 1

*(**) denotes rejection of the hypothesis at 5% (1%) significance level
L.R. rejects any co-integration at 5% significance level
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It can be concluded from both the Engle Granger and Johansen’s Co-
integration tests that there is no co-integration between the stock price
index and the exchange rate. This indicates that there is no stable
relationship and co-movement in the long run between the stock price
index and the exchange rate. This differs from previous studies by
Asmila (2001), Indrawati (2002), Sudjono (2002) and Sulistiyo (2002). This
could be due to the different observation periods and data characteristics
(monthly, weekly or daily).

According to Enders (1995) in Indrawati (2002), if there is co-
integration then the appropriate estimation technique is Vector Error
Correction (VEC). However, since there is no co-integration in this study,
the appropriate method is VAR Difference (VARD).

Empirical VAR Model

After determining lag length and co-integration, the next step is to
determine the VAR research variables. Because all variables are stationary
at I(1) then the VAR estimation technique used is VAR Difference
(VARD).

The general VAR model is as follows:

Y,=4Y ,+4¥Y ;+..+4.1 ,+BX +¢,

Y. =nx1 endogenous variable matrix

X, = m x 1 exogenous variable matrix

g=nx 1 error term matrix

A, A, ..., A, B = the estimated coefficient matrix

A, = n x n matrix of the estimated coefficient of endogenous variable

B = n x m matrix of the estimated coefficient of exogenous variable

Enders (1995) used the above VAR model without using exogenous
variables but introducing A, , n x lconstant matrix as follows.

V=4, +AY  + A Y, +..+ 4 Y , +¢

The ordinary VAR model with two endogenous variables, no
exogenous variables and with lag length (2) is as follows:

___|:A10:|+[An Alzj":YJ.r—l]_l_[Bn BIZ:||:Y;.II:I+|:€1J:|
Y, Ay Ay Ay || Yoy B, By|Y,. €24
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Based on Enders (1995), if there is co-integration, the appropriate
model to use is the Vector Error Correction because the VARD estimation
does not account for data co-movement and has potential
misspecification errors.

Two equations can be formed from the VAR results (Appendix,
Table 2):

DEX = 0.1230110511*DEX(-1) - 0.1652380202*DEX(-2) +
0.01658500182*DEX(-3) + 0.07835173292*DEX(-4) +
0.07115448813*DEX(-5) - 0.09178172169*DIHSG(-1) -
0.003643146553*DIHSG(-2) - 0.03015099301*DIHSG(-3) -
0.006618103407*DIHSG(-4) - 0.02401037843*DIHSG(-5) +
9.234977846e-05

DIHSG = 0.03323035117*DEX (-1) + 0.04600784034*EX (-2) -
0.03240669139*DEX (-3) + 0.04234041229*DEX (-4) -
0.02787453835*DEX (-5) + 0.1570384772*DIHSG(-1) -
0.03437060179*DIHSG(-2) + 0.0280093135*DIHSG(-3) -
0.02320546596*DIHSG(-4) + 0.04486668382*DIHSG(-5) +
0.0004836351458

Both VAR equations above consist of the same variables on the right
hand side. OLS is the most efficient estimator (Pyndick and Rubinfeld,
1998). Only some lags are significant in the equations above.

For the first equation, in which the dependent variable is DEX, the
significant variables are the previous exchange rate differences from one
until five days before. In general, these differences positively impact the
present exchange rate. The rate of return from the aggregate index one
day before also affects the exchange rate in the opposite direction.

In the second equation, in which the dependent variable is DIHSG,
the significant variable is only the positive rate of return one day before.
In general, the relationship between the exchange rate and the rate of
return is negative. This means that if the rate of return on stocks increases
(the stock price index increases) then the exchange rate will improve, that
is the Rupiah appreciates. Conversely, if the index decreases, then the
Rupiah will depreciate.

Both equations show that the exchange rate is not only affected by
the dynamics of previous fluctuations, but also by the stock price index.
However, the stock price index is only influenced by the fluctuations of
previous indices. This indicates that, for the sample period analyzed in
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this study, the index was a leading indicator of exchange rate
fluctuations.

If the composite stock price index increases, as a benchmark of stock
price fluctuation, then average stock prices will also increase. This will be
followed by a rise in capital inflows and finally an increased demand for
domestic currency, leading to currency appreciation. This follows the
Portfolio Balance Approach.

The VAR model can also be used to forecast performance, as seen in
the following graph:

Figure 1
Actual and Forecast IHSG
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The above graph, from January 2001 until June 2004, indicates that while
the IHSG has fluctuated, it has tended to increase since 2001. The lowest
value was noted in October 2002 at 337.48 and it peaked in April 2004 at
818.16. VAR model forecasts can only catch real data trends. According to
Pindyck and Rubinfeld (1998), this is typical of a VAR model. Therefore,
the VAR model is a powerful tool for only short-term forecasting. Using
this model, the THSG was predicted to hit 693 on June 19, 2004.
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Figure 2
Actual and Forecast Exchange Rate
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The chart above shows that the exchange rate was relatively stable
from January 2001 to June 2004. Further, forecasts also tend to be
relatively stable. According to this forecast, the exchange rate will reach
Rp 9,405 on the next day.

4. CONCLUSION

The study’s analysis of the dynamics between the stock price index and
the exchange rate using the Vector Autoregressive (VAR) method can be
summarized as follows:

1. This study has tried to explore the dynamic relationships
between the stock price index and the exchange rate using the
VAR method to explain the impact of one variable on itself and
on the other variable.

2. Based on cumulative return value, the IHSG is more volatile than
the exchange rate. In fact, the IHSG tends to increase. more than
the exchange rate.
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3. The unit root test shows that the Rupiah exchange rate to the US
Dollar and the Composite Index of Stock Prices are non-
stationary and will be stationary at the first difference.

4. The VAR model is very sensitive to lag length. By using the
minimum Likelihood Ratio (LR), it can be concluded that the
optimal lag for this VAR model is 5, related to the five day work
week at the Jakarta Stock Exchange. In other words, a week is
needed to make an adjustment between the IHSG and Rupiah-
dollar exchange rate.

5. Based on co-integration tests using the Augmented Engle
Granger and Johansen’s Co-integration Test methods, the two
research variables are not co-integrated, meaning that the
dynamic movement of these two variables are different.

6. The VAR model shows that the exchange rate is not only affected
by exchange rate dynamics, but also by stock price index
dynamics. However, the stock price index is only affected by the
index itself. It can thus be concluded that the stock price index is
a leading indicator for the exchange rate as suggested by the
Portfolio Balance Approach.

7. By using the VAR model, we can forecast future exchange rate
and stock price index values in the short run.

S. REFERENCES

Abdalla, Issam S.A., & Murinde, Victor, 1997, Exchange Rate and Stock
Price Interactions In Emerging Financial Markets: Evidence on
India, Korea, Pakistan and Philippines, Applied Financial Econormnics,
7, pp-25-35

Ajayi, Richard A. & Mougoue, Mbodja, 1996, On the Dynamic Relation
Between Stock Prices and Exchange Rates, The Journal of Financial
Research Vol XIX, No. 2, 193 - 207.

Bodie, Zvi; Alex Kane & Alan J. Marcus, 2002, Investments, 5" edition,
McGraw-Hill, Inc, New York.

Box, GEP & GM Jenkins, 1976, Time Series Analysis: Forecasting and
Control, Holden-Day, San Fransisco.

Enders, Warters, 1995, Applied Econometric Time Series, John Wiley and
Sons Inc, New York. Eviews 3.0, User Guide, Quantitative Micro
Software, California.

274




Dynamic Analysis of the Stock Price Index and...

Ewing, Bradley T., 2001, Monetary Policy and Stock Returns, Bulletin of
Economic Research, 53:1,pp.0307-3378.

Granger, W] Clive and Huang, Nung Bwo and Yang, Wei Chin, 1998, A
Bivariate Causality between Stock Prices and Exchange Rates: Evidence
from the Recent Asia Flu, University of California, San Diego:
Discussion Paper

Greene, William H., 2003, Econometric Analysis, 5" edition, Prentice Hall,
New Jersey.

Gujarati, Damodar N., 2003, Basic Econormetrics, 4" edition, McGraw-Hill,
Inc, New York.

Husnan, Suad et al, 1998, Perangkal dan Teknik Analisis Investasi di Pasar
Modal Indonesia, PT. BE] Jakarta.

Husnan, Suad, 1998, Teori Portfolio dan Analisis Sekuritas, Edisi 3, UPP
AMP YKPN, Yogyakarta

Ibrahim, Mansor H., 2000, Cointegration and Granger Causality Test of
Stock Price and Exchange Rate Interactions in Malaysia, ASEAN
Economic Bulletin, Apr 2000; 17, 1; ABI/INFORM Global, pp- 36-47.

Indrawati, Titik. 2002, “Hubungan Dinamis antara Variabel Ekonomi
Makro-Moneter & Indeks Pasar Saham dengan Pendekatan
Granger Non Causality (GNC) dalam VAR dan VEC”, Dissertation,
University of Indonesia, Jakarta.

Kertonegoro, S., 1999, Pasar Uang dan Pasar Modal, Edisi 2, Yayasan
Tenaga Kerja Indonesia, Jakarta.
Kwon, Chung S.; T.S. Shin and Frank W. Bacon, 1997, The Effect of

Macroeconomic Variables on Stock Market Returns in Developing
Markets, Multinational Business Review, pp.63-70.

Lee, Bong Soo, 1992, Causal Relations among Stock Returns, Interest
Rate, Real Activity and Inflation, The Journal of Finance, Vol. 47,
No. 4 (Sept. 1992), pp. 1591-1603.

Ma, Christoper and Kao, G Wenchi, 1990, On Exchange Rate Changes and
Stock Price Reaction, Journal of Business Finance & Accounting.

Madura, Jeff., 2003, International Financial Management, 7" edition,
Thomson South Western, Ohio.

Muradoglu, Gulnur, Fatma Taskin and Ilke Bigan, 2000, Causality
between Stock Returns and Macroeconomic Variables in Emerging
Markets, Russian and East European Finance and Trade, Vol. 36 No. 6.

275




Mila Novita; Nachrowi Djalal Nachrowi

Nasution, Asmila Denga, 2001, “Analisis Hubungan Antara Harga
Saham dan Nilai Tukar (Kurs)”, Thesis, University of Indonesia,
Jakarta.

Patev, Plamen & Lyroudi, Katerina., 2001, Linkages between Stock and
Foreign Exchange Markets in Countries With Different Currency
Regimes: The Case of Bulgaria and Rumania, Draft Paper.

Pindyck, RS., and Daniel L. Rubinfeld, 1998, Econometric Models and
Econometric Forecast, 4™ edition, McGraw-Hill, Inc, New York.

Ramasamy, Bala dan Yeung, Matthew. 2001, The Causality between
Stock Returns and Exchange Rates: Revisited, Research Paper Series
Division of Business and Management, The University of
Nottingham in Malaysia.

Sakhowi, A. 1999, “Analisis Pengaruh Perubahan Nilai Tukar Rupiah,
Inflasi dan Tingkat Bunga terhadap Return Saham di Bursa Efek
Jakarta", Thesis, University of Indonesia, Jakarta.

Sembel, Roy, 1999, Berpikir Ekonomis di Masa Krisis : Gagasan Akademis
yang Perlu Diketahui Para Praktisi, PT Elex Media Komputindo,
Jakarta.

Sembel, Roy, 2000, Jurus Proaktif Menunggang dan Memacu Penulihan
Ekonomi, PT Elex Media Komputindo, Jakarta.

Sharpe, WE, G. ] Alexander & ].V Bailey, 1999, Investments, 6" edition,
Prentice Hall, New Jersey.

Sudjono, 2002, “Analisis Keseimbangan dan Hubungan Simultan Antara
Variabel Ekonomimakro terhadap Indeks Harga Saham di Bursa
Efek Jakarta dengan Metode VAR (Vector Autoregression) dan
ECM (Error Correction Model)”, Dissertation, University of
Indonesia, Jakarta.

Sulistiyo, Herman, 2002, “Hubungan Kesetimbangan Jangka Panjang dan
Pendek diantara Indeks Saham dan Nilai Tukar Rupiah terhadap
Beberapa Mata Uang Negara-negara Kawasan Asia Pasifik yang
Terkena Krisis Moneter (USA, Jepang, Malaysia dan Thailand)”,
Thesis, University of Indonesia, Jakarta.

Yudanto, Noor dan M. Setyawan Santoso, 1998, “Dampak Krisis Moneter
terhadap Sektor Riil”, Buletin Ekonomi Moneter dan Perbankan, Bank
Indonesia, Jakarta.




Dynamic Analysis of the Stock Price Index and...

APPENDIX

Table 1

Recapitulation of the Log Likelihood Value and LR on VAR's Model between
IHSG and Exchange Rate for Lag 1 - 20

LR Statistics
Lag Log Likelihood
206, -
1 5079.218 8.690
2 5083.563 -8.608
3 5079.259 -4.044
4 a027.237 -4,458
5 5075.008 -10.286
6 5069.865 1.690
7 5070.710 -8.576
8 5066.422 -9.250
9 5061.797 -8.964
10 5057.315 -6.626
11 5054.002 -4.390
12 5051.807 -9.068
13 5047.273 -10.046
14 5042.250 -1.676
15 5041.412 -3.890
16 5039.467 -7.98
17 5035.477 -8.892
18 5031.031 -9.024
19 5026.519 -10.000
20 5021.519
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Table 2
VAR Estimation Results
| DEX DIHSG
DEXI(-1) 0.123011 0.033230
(0.03514) (0.05702)
(3.50039) (0.58273)
DEX (-2) -0.165238 0.046008
(0.03526) (0.05721)
(-4.68660) (0.80416)
DEX (-3) 0.016585 -0.032407
(0.03567) (0.05788)
(0.46496) (-0.55988)
DEX (-4) 0.078352 0.042340
(0.03526) (0.05721)
(2.22218) (0.74003)
DEX (-5) 0.071154 -0.027875
(0.03472) (0.05633)
(2.04967) (-0.49483)
DIHSG(-1) -0.091782 0.157038
(0.02169) (0.03520)
(-4.23085) (4.46107)
DIHSG(-2) -0.003643 -0.034371
(0.02212) (0.03590)
(-0.16469) (-0.95752)
DIHSG(-3) -0.030151 0.028009
(0.02212) (0.03590)
(-1.36290) (0.78024)
DIHSG(-4) -0.006618 -0.023205
(0.02215) {0.03594)
(-0.29880) (-0.64566)
DIHSG(-5) -0.024010 0.044867
(0.02197) (0.03564)
(-1.09311) (1.25878)
C 9.23E-05 0.000484
(0.00031) (0.00050)
(0.30039) (0.96945)




